
CURRICULUM VITAE and BIBLIOGRAPHY (August 2022)

CONTACT INFORMATION

Name: Mark Johannes van der Laan.

Nationality: Dutch.

Marital status: Married to Martine with children Laura, Lars, and Robin.

University address:
University of California
Division of Biostatistics
School of Public Health
108 Haviland Hall
Berkeley, CA 94720-7360
email: laan@stat.berkeley.edu.

Telephone number:
office: 510-643-9866
fax: 510-643-5163

Web address:
www.stat.berkeley.edu/ laan
Working Papers, Division of Biostatistics: www.bepress.com/ucbbiostat

EDUCATION

1990-1993: Department of Mathematics, Utrecht University.

Ph.D student of Prof. Dr. R.D. Gill. Position included 25% teaching, 75%
research and education.

Specialization in Estimation in Semiparametric and Censored Data Models.

1991-1992: University of California, Berkeley.

Statistics Program at M.S.R.I.: “Semiparametric Models and Survival Analysis”.

Research with guidance by second Promotor Prof. Dr. P.J. Bickel.

Subject: “Efficient Estimation in the Bivariate Censoring Model”.

December 13, 1993: Official Public Defense of Ph.D Thesis.

1985-1990: Masters degree in Mathematics at the University of Utrecht, The
Netherlands. Statistics Major.

1988-1989: One year study, Masters degree courses at the Department of Statistics,
North Carolina State University, Raleigh,

North Carolina, U.S.A.

G.P.A 4.0, Dean’s List.

1989-1990: Masters thesis under guidance of Prof. Dr. R.D. Gill.

Subject: The Dabrowska Estimator and the Functional Delta method.

Grade (from 1-10, 10=top): 9.5.

Official Completion: May 1, 1990.
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ACADEMIC POSITIONS

*2021-present: Member of Department of Computational Precision Medicine.

*2018-present: Chair Group of Biostatistics, UC Berkeley.

2006-present: Jiann-Ping Hsu/Karl E. Peace Endowed Chair in Biostatistics.

2013-2018: Investigator and core leader of the methods workgroup of the Sustainable
East African Research in Community Health (SEARCH).

*2016-present: Academic Director of Center of Targeted Learning in Precision Health.

September 2004-present: Director of the Biostatistics and Computing core of the Super-
fund Research Program (Genomics in environmental science) in the School of Public
Health headed by Prof Martyn Smith.

2017- Director of core of biostatistics for environmental grant ECHO of Brenda Eskenazi.

2000-present: Professor Biostatistics and Statistics (joint appointment), School of Public
Health and Department of Statistics, University of California, Berkeley.

1998-2000: Associate Professor of Biostatistics and Statistics (joint appointment), School
of Public Health and Department of Statistics, University of California, Berkeley.

2005-2009: Long-term statistical consultant/adjunct professor for Bioinformatics at the
Aging Buck Institute, Novato.

Spring 2007: Miller Professor, UC Berkeley.

1994-1998: Assistant Professor, Biostatistics, School of Public Health, University of Cal-
ifornia, Berkeley.

Summer and Fall 2004: Visiting Assistant Professor, Department of Mathematics, Free
University, Amsterdam (Aad van der Vaart).

1994 Neyman Visiting Professor, Department of Statistics, UC Berkeley.

1990-1993: Teaching Assistant in the Department of Mathematics during Ph.D position,
Utrecht, for masters degree courses.

Algebra B and C, Math. Analysis B and C (physics students).

Intr. Stochastic Analysis, Measure and Integration theory (math. students).

Mathematics I and II (chemistry students).

Statistics for Physical Sciences.

RESEARCH AREAS See http://www.stat.berkeley.edu/˜laan/Research/research.html

My main research interests are

Developing statistical methodology and theory for analyzing high dimensional censored
longitudinal data from observational and randomized studies.

Statistical methods for causal inference in longitudinal studies with both informative
treatment assignment and informative censoring, clinical trials, safety analysis.

Adaptive designs and surveillance systems.

Statistical methods for the analysis of genomic data in computational biology and
medical/epidemiological research.
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Dependent network and time series data

The application of these methods in collaboration with scientists (comparative effec-
tiveness research).

Highly Adaptive Lasso as new class of machine learning algorithms.

Adaptive designs for time-series.

Super learning and Targeted Maximum Likelihood Estimation (TMLE).

Targeted Learning: We have developed a new approach to statistical learning called
targeted maximum likelihood learning. In general, based on this approach we develop
machines that take out the human intervention in data analysis, and provide reliable
robust and optimal estimators of the desired target estimand, with as honest assessment
of uncertainty. The methods generalize machine learning to the fully automated learning
of any kind of parameter of the data generating experiment. It incorporates the state of
the art in adaptive estimation we termed super-learning.
Patent: B07-108 Targeted Maximum Likelihood Learning.

ACADEMIC AWARDS, GRANTS, HONORS

February 23, 1991: Scholarship of the VSB Foundation presented by the Chairman of
the Board of Directors at the opening of the 355th anniversary of the University of
Utrecht.

March 27, 1991:

Second Prize in the contest of the best (Netherlands) Masters thesis in Statistics or
Operational Research (1989-1990) presented by the V.V.S.

Publication of a summary of the masters thesis in Statistica Neerlandica.

January, 1994 through June, 1994: Neyman Visiting Assistant Professor, Department of
Statistics, University of California, Berkeley.

July 1994: Martin Sisters Chair, School of Public Health, UC Berkeley, 3 years
($15,000 per year).

1995: Two faculty grants of $3000 each, Committee on Research, UC Berkeley.

1995, 1996: Two junior faculty mentor grants, $750 and $1000, Office of the Chancellor,
UC Berkeley.

1996-97: Hellman Family Faculty Award, $20,000, Office of the Chancellor, UC
Berkeley.

1996: Ph.D thesis selected to be published in book form (CWI-tract) by the Centre of
Mathematics and Computer Science, Amsterdam.

June 1996: FIRST Award, 5 year NIH grant, 1996-2001, $498,726 (total costs).
Title: Locally Efficient Estimation with High Dimensional Data Structures. Score in
top 7 %.

October-December, 1998: Visiting Professor, Department of Mathematics, Free Univer-
sity Amsterdam, host: Prof. Dr. A.W. van der Vaart.

June 1999: NIAID Award, 3 year grant, 1999-2002. $357,000 (total costs).

October-December, 1999: Honorary Visiting Professor, Department of Statistics, Auck-
land, New Zealand, host: Prof. Dr. A. Scott. Score in top 13%. Title: Causal
Inference and Longitudinal Aids Studies.
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September 2000, 3 year grant: LLNL 3-year grant, 2000-2003. Title:“Statistical Infer-
ence from Microarray Data with Applications in Breast Cancer Research”.

September 2000, 3 year grant:

Academic/Industry grant of $450,000 from Life Sciences Institute (LSI) with
industrial partner Chiron.

Received the highest score ever (jointly written with Ph.D student K. Pollard).

Selected to be covered by an article, photos, and video, on the web-site of the Life
Science Institute.

Spring 2001: Invited to be Visiting Professor, Department of Biostatistics, Leiden Uni-
versity, the Netherlands, host: Prof. Dr. H. van Houwelingen.

September 2002: Principal Investigator of NIH Award, 5 year grant of $887,664,
2002-2006. Title: “Statistical Analysis of Longitudinal Studies with Gene Expression
Data”.

September 2002: Co-Investigator, joint UCSF/Berkeley NIH Award, 3 year grant,
2002-2005. Title: “Statistical Analysis of Complex AIDS Cohorts”.

May, 2003: Visiting Professor, Department of Mathematics, Free University Amsterdam.

July 2004: Principal Investigator of NIH Award, 2004-2007 ($1,000,000). Title:
“Data Adaptive Estimation in Epidemiology and Genomics”.

June 2004: 2004 Mortimer Spiegelman Award. The Mortimer Spiegelman Award
was established in 1969 by his family and is awarded annually to a young statistician
for outstanding contributions in health statistics. It is presented by the Statistics
Section of the American Public Health Association (APHA).

September 2004: Selected to be on the cover in portrait-format on one of the five well-
respected Tan Applied Mathematics series textbooks, edited by Applied Mathematics
for Brooks/Cole, a division of Thomson Higher Education. Quotation from invitation
letter: ”Famous” applied mathematicians will be featured on the cover of each of the
five texts in the hope that seeing a successful applied mathematician will motivate
readers (students) of these texts to learn and to use the applied mathematical skills
they acquire in their future careers.” Based on this idea, the executive editors of the
Tan series have invited me to be featured on one of the five covers of the upcoming
new edition.

March 1999 until 2004: Long Term Statistical Consultant at Chiron for the Microarray
Technology Research Group, Data Analysis and Method Development. Chiron is the
world’s second largest Biotech Company with headquarters located in Bay Area.

April 11, 2005: 2005 van Dantzig Price.

This is the highest award in Statistics and Decision Theory in the Netherlands.
Once in every 5 years the Dutch Statistical Association presents the Van Dantzig
Award to either a dutch statistician or operation researcher under the age of 40.

The award is in memory of prof. dr. D. van Dantzig, the founder of Dutch mathe-
matical statistics.

The former recipients are van Zwet (1970, Statistics), van Meurs (1975, Statistics),
Hordijk (1980), Rinnooy Kan (1985), Gill (1990, Statistics), Ridder (1995), and
van der Vaart (2000, Statistics).

August, 2005 2005 Snedecor Award joint with Nick Jewell.
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We received the Snedecor Award for our paper ”Case-control current status data”
in Biometrika, 2004, v91, pp. 529-541.

The criteria for the award are to an individual(s) who has been (1) instrumental in
the development of statistical theory in biometry, and (2) who has a noteworthy
publication in biometry within three years of the date of the award. So, the
award is also a tribute to the overall contribution to biometry.

The award consists of a plaque, a citation, and a cash honorarium. It was presented
at the COPSS Awards and Fisher Lecture session at the Joint Statistical Meetings
(JSM).

August, 2005 2005 COPSS Award.

The Committee of Presidents of Statistical Societies (COPSS) Awards are jointly
sponsored by the American Statistical Association, the Institute of Mathematical
Statistics, the Biometric Society ENAR, the Biometric Society WNAR, and the
Statistics Society of Canada.

The Committee of Presidents of Statistical Societies (COPSS) Award is presented
annually to a young member of one of the participating societies of COPSS. The
award is presented in recognition of outstanding contributions to the statistics
profession. The Presidents’ Award is granted to an individual who has not yet
reached his or her 41st birthday during the calendar year of the award. The
award was established in 1976 and consists of a plaque and a cash award.

September, 2005 2005 Myrto Lefkopoulou Distinguished Lectureship at the Bio-
statistics Department, Harvard School of Public Health.

The lectureship was established in perpetuity in memory of Dr. Myrto Lefkopoulou,
a faculty member and graduate of Harvard School of Public Health. Dr.
Lefkopoulou tragically died of cancer in 1992 at the age of 34 after a coura-
geous two-year battle. She was deeply beloved by friends, students, and faculty.

Each year the Myrto Lefkopoulou Lectureship is awarded to a promising statistician
who has made contributions to either collaborative or methodologic research
in the applications of statistical methods to biology or medicine, and/or who
has shown excellence in the teaching of biostatistics. Ordinarily, the lectureship
is given to a statistician who has earned a doctorate in the last fifteen years.
The lecture is presented to a general scientific audience as the first Department
colloquium of each academic year. The lectureship includes travel to Boston,
a reception following the lecture, and an honorarium. Previous recipients of
the Lefkopoulou Memorial Lectureship have been Marie Davidian, Danyu Lin,
Bradley P. Carlin, Steven N. Goodman, Ronald Brookmeyer, Michael Boehnke,
Trevor Hastie, Hans-Georg Mueller, Giovanni Parmigiani, Kathryn Roeder, and
Louise Ryan.

July 1, 2005-2006 UC Berkeley Chancellor Endowed Chair.

Spring, 2006 Miller Professor funded by the Miller Institute, UC Berkeley.

July 1, 2006- Jiann-Ping Hsu/Karl E. Peace Endowed Chair in Biostatistics.

May, 2007 Charles L. Odoroff Memorial Lecture, Targeted Learning of Scientific
Questions, Distinguished Lecture Award from Department of Biostatistics, University
of Rochester.
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July 2007 NIH-Award Targeted Maximum Likelihood Learning and Super
Learning in HIV Research (2007-2012), 2.3 million dollar grant. Featured by
UC Berkeley Sponsored Project Office as Special Award of the week.

April 22, 2009 The 10-th Annual Abbott Laboratories Distinguished Lectureship
in Pharmaceutical Applications, A statistics and biostatistics joint seminar, Towards
Robust Machine Learning Algorithms for Causal Effects that Preserve Meaningful
Statistical Inference, Madison University.

July 1, 2009 Distinguished IMS Lecture Award.

2009 RSR Project #09-52 ”Clinical Trials: Causal Inference Methodology and its Ap-
plication in Evaluating Efficacy and Safety of Drugs and Other Medical Products”
funded by FDA’s CDER’s Regulatory Science and Review Enhancement (RSR) Pro-
gram, involves collaborating with Safety analysis group at FDA.

2013 FDA-funded project on HIV safety analysis.

*2014-2019 NIH award, R01AI074345 (PI: van der Laan)
07/30/2014 6/30/2019, Total: $1,844,131. Project length: 5 years.
Targeted Learning: Causal Inference Methods for Implementation Science.
Major Goal: This project will extend Targeted Learning methodology to address HIV
implementation science questions, including hierarchical data, complex dependencies
between individuals and clusters, and small sample size. The resulting methods will
be implemented as publicly available software, and applied to clinical cohort data from
Southern and Eastern Africa and a large cluster randomized trial of antiretroviral-
based HIV prevention in Kenya and Uganda.

*2016-2018 Bill and Melinda Gates Foundation, Healthy Birth, Growth, and De-
velopment Knowledge Integration Initiative (HBGDki) Targeted Learning Platform.
UCB Award ID: 040352-002. PI: Mark J. VAN DER LAAN (UC Berkeley). Total:
$459,757. Project length: 2 years.

*2016-2019 OPP1165144 (PI: van der Laan), 11/29/2016-12/31/2019
Bill and Melinda Gates Foundation Award, $2,334,221.
Title: Causal effects of endogenous and exogenous risk factors for wasting.
Major Goals: The overall goal is to develop analytics infrastructure to support preci-
sion public health and HBGDki (Healthy Birth, Growth and Development knowledge
integration) efforts.

*2016-2018 9223sc (UCB PI: van der Laan), 01/01/2016-05/31/2018
Bill and Melinda Gates Foundation, $51,624
Preterm Birth Initiative
Major Goals: To contribute to a measurable and sustainable reduction in the burden
of preterm birth (PTB). Role: Subaward PI

*2016-2018 UG3 OD023356 (PI: Eskenazi), 09/21/2016-08/31/2018
National Institutes of Health, $908,256
Long-term Sequelae of Early Life Pesticide Exposure in the CHAMACOS Birth Co-
hort
Project Goals: The major goal of this project is to follow more than 600 Mexican
American youth in an agricultural community to adulthood for next 7 years, and
to monitor effects of early life exposure to pesticides and other pollutants on their
growth, health, and learning. Epigenetic and neurodevelopmental pilot studies will
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contribute to the development of the master protocols for all ECHO cohorts.
Role: Co-investigator

*2016-2021 R01ES026994 (PI: Eskenazi), 09/30/2016-08/31/2021
NIH, $704,996
Effect of Early Life Exposure to Social Adversity and Pesticides on Risk-taking Be-
havior of 16-18 Year Olds: The CHAMACOS Study
Major Goals: To refine methods of assessing exposure to agricultural pesticides and
adversity, and determine how these exposures may work together to influence poor
behavior outcomes (such as drug use and delinquency) during the critical transition
from adolescence to early adulthood.
Role: Co-Investigator

*2013-2018 R01ES007171 (PI: Eskenazi) 08/16/2013-04/30/2018
NIH $408,785/NCE
In Utero Dioxin Exposure in Seveso, Italy and Health of the Second Generation Major
Goals: In 1976, as a result of an explosion at a chemical plant near Seveso, Italy, the
surrounding population was exposed to high levels of 2,3,7,8-tetrachlorodibenzo-p-
dioxin or TCDD, a potent chemical that causes cancer and can affect hormones. We
are now following the health of the children of the women (Seveso Womens Health
Study) who were exposed in Seveso.
Role: Co-Investigator

2014-2018 10185sc (PI: Petersen), 07/01/2017-11/30/2018
NIH, yearly $186,004
ACTG: Sustainable East Africa Research in Community Health (SEARCH)
Major Goals: The SEARCH study will quantify the health, economic and educational
impact of a) early HIV diagnosis and immediate ART (antiretroviral therapy) using a
streamlined care delivery system in rural communities in East Africa (Phase I) and b)
targeted Pre-Exposure Prophylaxis (PrEP), targeted HIV testing and targeted care
interventions on top of universal treatment and streamlined care (Phase II).
Role: Co-Investigator

*07/2017 - 07/2018 Inter-American Development Bank, Evaluating the Performance of
the DIABETIMSS Program in Mexico City using Electronic Health Records. UCB
Award ID: 043660-001. Co-PI: Mark J. VAN DER LAAN (UC Berkeley). Total:
$113,846. Project length: 1 year.

*2016 Adrienne Cupples Award for excellent in teaching, research and service in
biostatistics, Boston University.

*2016-2021 NIH Training Grant Award T32LM012417
4/1/16-3/31/21, $1,528,680 (tuition for trainees, and some administration)
Biomedical Big Data Training Program at UC Berkeley
Description: The NIH-funded Biomedical Big Data Training Program at UC Berkeley
responds to the urgent need for advances in data science so that the next generation of
scientists has the necessary skills for leveraging the unprecedented and ever-increasing
quantity and speed of biomedical information. Big data hold the promise for achieving
new understandings of the mechanisms of health and disease, revolutionizing the
biomedical sciences, making the grand challenge of Precision Medicine a reality, and
paving the way for more effective policies and interventions at the community and
population levels. These breakthroughs require highly trained researchers who are
proficient in biomedical big data science and have advanced skills at collaborating
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effectively across traditional disciplinary boundaries. Biomedical Big Data Training
Program at UC Berkeley

*2017 Small Education grant (3k) for developing online/video lecture/interactive course
funding Ph.D student/TA Rachael Philips.

2020 *Novo Nordisk Grant: 3 million dollar grant over 5 years from Novo Nordisk to
my research group on targeted learning for causal inference with real world data.

2020 * 200K Accenture Targeted Learning Fellowship: Funding by Accenture for
Accenture Targeted learning Fellowship supporting two Ph.D students, 2 years.

2020-2021 * FDA Demonstration Project of Targeted Learning funded by FDA,
led by Susan Gruber and myself, involving weekly meetings, seminars, monthly meet-
ing with FDA leaders, real world data analysis projects, and three day workshop on
Targeted Learning for 265 FDA statisticians.

2020- * FDA funded Innovation Center for Sentinel Project: led by Pharmacoepi-
demiology Harvard, one of main tasks validation of Targeted Learning for real world
safety analysis.

2020-2024: *NIH RO1 Award on Adaptive Designs: over 2 million dollar grant.

2019- * Awarded the Turing Lecture” involving giving a general audience high profile
lecture, ”Targeted Learning, the Bridge from Machine Learning to Statistical Infer-
ence”, and giving a workshop at the Turing Institute.

2022 ** Research.com ranking #89, #165 among top mathematicians: Re-
search.com is a leading academic platform for researchers, 2022 Edition of Ranking
of Top 1000 Scientists in the field of Mathematics. Ranked #168 in the world rank-
ing and #89 in United States ranking.The ranking is based on the H-index metric
provided by Microsoft Academic and includes only leading scientists with an H-index
of at least 30 for academic publications made in the area of Mathematics.

2019-2022: Keynote talks: ASA Biopharm (2019); Turing Lecture (2019); Athlete,
Barcelona Institute for Global Health (2020); 3 keynote talks University of Copen-
hagen, Novo Nordisk, Novo Nordisk Foundation (2020); Philadelphia Innovation
Event, organized by Accenture (2020); Causal Inference summit Netflix (2020); 2
keynote talks Novo Nordisk and Novo Nordisk Foundation (2021); Pfizer Analytics
Summit (2021).

2020, 2022: ASA Duncan Lecture, Aug 2020, Distinguished IMS Lecture Jan 10
2022.

EDITORIAL WORK AND REVIEW

*Associate Editor, Gastroentology (2016-).

Electronic Journal of Statistics (2007-)

* Associate Editor, Journal of Observational Studies (2014-)

Associate Editor, Statistics Surveys (2005-).

Associate Editor, Lifetime Data Models, 1996-2000.

Associate Editor, Biometrics, 1997-2003.

Associate Editor, Journal of Statistical Planning and Inference, 2001-2006.
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* Associate Editor, Statistical Applications in Genetics and Molecular Biology, 2002-
present.
Associate Editor, Annals of Statistics, November, 2003-2008.

Associate Editor, Founding editor, International Journal of Biostatistics (2004-
present).

*Editor 2012-present: International Journal of Biostatistics.

*Editor, Founding editor, 2012-present Journal of Causal Inference.

*Associate Editor 2012-present Epidemiological Methods.

Member of Editorial Board 2006-2008 of ASA-SIAM (Society of Industrial and
Applied Mathematics) book series.

Associate Editor, Journal of the American Statistical Association, 2006-2010.

*Associate Editor, Journal of Statistical Methods in Medical Research, 2006-present.

Co-Editor (with Sandrine Dudoit, and Robert Gentleman) of Special Issue on Genomics
of Journal of Multivariate Analysis (2003).

Pharmacoepidemiology and Drug Safety Best Reviewer, 2014.

Proofread an introductory book in Statistics of Prof. Dr. E. Lehmann (1997).

Book chapter review of book on adaptive designs (2014).
Book review (1997), ”Probabilistic Causality in Longitudinal Studies,” for Statistics
in Medicine.

Book review (1997), “Problems and Solutions in Biostatistical Theory”, Duxbury Press,
Brooks/Cole Publishing Company.

Book review (1998), Introduction in Biostatistics, Text book, Duxbury Press,
Brooks/Cole Publishing Company.

Book review (1999), Statistical Consulting: A Guide to Effective Communication, by
Janice Derr, Duxbury Press, Brooks/Cole Publishing Company.

Book review (1999), Fundamentals of Biostatistics, Fifth Edition, by B. Rossner.

Book review (2004), Introduction in Computational Biology.

Book review (2004), The False Discovery Rate, by Yoav Benjamini, Cambridge University
Press.

Reviews of NSF Research Proposals (1998, 2 in 1999, 2 in 2000).

Review of NSF Research Proposals, Washington, October 17-19, 2002.

Review of research proposal for Center in Genetic Epidemiology, University of California,
Irvine, (2002).

Review of Research proposals of the National Science Foundation of the Netherlands:
(2003).

* Review of NIH grant, 2006-

Review grant proposal Inter-American-Development Bank (IDB) (2018).

Review of PCORI grants 2012.

Review of NSF the Netherlands (2010), (2011), (2012), (2013), (2014),(2016), (2018);

Review of Discovery grant proposals, Mathematics and Statistics Evaluation Group
(2014).

Reviewing research proposal for Chancellor office UC Berkeley (2013, 2020).

* regularly review articles for journals I am not an AE for such as Annals of Statistics,
JASA, Epidemiology, Statistics in Medicine, etc.
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* (2021) Reviews of Vici-program grant proposals, most competitive grant applications
only awarded to the very best in the Netherlands.

CONSULTING POSITIONS

1995: Cost-effectiveness of physicians in San Francisco Hospitals for M.D. I. Ahwah:
What variables of a patient in an emergency room predict sensible cost best?

1996: Cost-effectiveness of physicians in San Francisco Hospitals for M.D. I. Ahwah:
Relation between acuity of a patient and sensible utilization of items by revenue
center.

1996: Consultant on studies of the influence of caffeine on birth defects for Laura Fenster,
California State Department of Health.

1998: Consultant on NIH grant “A Nonparametric MLE Survival Analysis Module” with
P.I. Dr. Y. Zhan, Data Analysis and Products Division, Mathsoft, Inc.

1997: Statistical analysis of relation between monthly budget patient days and monthly
actual patient days, Children’s hospital, Oakland.

1998: Member of consulting group, consisting of faculty members of the Statistics De-
partment, for statistical problems presented by NSA.

1998: Consultant on Cystic Fibrosis Foundation Project “Effects of Favonoids on Nasal
PD in Cystic Fibrosis Patients”, Pediatric Clinical Research Center, Children’s Hos-
pital, Oakland. Part of this project is concerned with linking the genotype of the
Cystic Fibrosis gene to the clinical parameters.

1999-2002: Statistical consultant for CHIRON for analyzing gene expression data; coor-
dination of statistical analysis in the Microarray Research Group at Chiron.

2005-2009: Statistical consultant for the Buck Aging Institute, Novato, CA, for the Bioin-
formatics core.

2007-: Statistical consultant AmGen.

January 2008-2012: Founder and CEO of Target Analytics.

2008-: Statistical consultant for pharmaceutical company.

2008-: Statistical consultant for legal cases.

2011-: Statistical consultant for Worldbank.

January 2010-2012 : Statistical consultant for world bank, implementation science, design
of observational studies.

2010-2015: Statistical consultant FDA safety analysis group.

2012: Statistical consultant for Jansen Jansen on observational data analysis for treating
Alzheimer.

*2011-: Statistical consultant for Kaiser Permanente

2012-2018: Statistical consultant for Metronomx. Developed design and analysis plan,
and successfully presented at FDA for drug-approval.

2014: Tax assessment consulting, Winston & Shawn.

2014: Statistical consultant Department of Health Care policy, Harvard University, de-
velopment of dynamic treatment strategies for depression based on data from VA.

2016-2018: Statistical consultant Nielsen Inc.

2017: consulted on legal patent infringement case.

2016-2018: Member of advisory board of FDA grant of Michael Rosenblum.
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2016-2018: Statistical consultant for Opioid PMR Consortium (OPC) Observational
Studies Workgroup (OSW), FDA guided observational study to evaluate effect of
medium and longlasting opioid medications on death/overdosis/addiction.

2020-2022: *Statistical consultant Accenture, San Francisco.

2021-: *Statistical consultant Parexel.

2019-2022: *Statistical consultant FDA funded Targeted Learning demonstration
projects, including one in the Sentinel Project.

2021: *Evaluation of expert witness in legal case, deposition based on this as well.

University Service (2018-)

1. Chair Ad Hoc committee for promotion of SPH faculty member to Full Professor,
2022.

2. Chair mid career review (2022).

3. Chair Ad Hoc committee promotion of SPH faculty member to Full Professor 2021.

4. Campus Ad Hoc Review Committee for tenure case (2020).

5. Member Academic Personnel Committee 2020-2022.

6. Member admissions committee for MA and Ph.D Statistics Department (2020-2021).

7. Admissions committee for MA and Ph.D Biostatistics, each year.

8. Co-Chair of group of Biostatistics (2018-).

9. Academic Director Center of Targeted Learning (2016-)

10. Meetings with important visitors of UCB: e.g., met with former CEO Research Merck,
Perlmutter, this year when visiting Robert Tijan, among others.

11. Member of the search committee for a biostatistics assistant-professor (2021-2022).

12. Assist search and interviewed faculty for the new Computational Precision Medicine
Department led by Maya Petersen.

13. I am a member of the computational biology group on campus;

14. I am a member of admissions committee for the Designated Emphasis in Computa-
tional Biology;

15. I am co-Director of the Biostatistics and Computing core of the Superfund Research
Program (Genomics) in the School of Public Health headed by Prof Martyn Smith
(2004-);

16. I am formal supervisor of our IT person B. Bundy and statistical programmer J.
Schwab.

17. I am actively engaged in recruiting students for our MA and Ph.D program.

18. Salary equity analysis for SPH with Prof Hubbard 2020.

INVITED LECTURES

1. Efficient Estimation in Nonparametric Missing Data Models: September 17, 1992,
EMS Conference, Bath.
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2. Hoffmann-Jorgensen Weak Convergence Theory and the Proof of an Almost Sure
Representation Theorem: March 20, 1991, CWI, Amsterdam. Workshop Statistics in
Large Parameter Spaces.

3. General Efficiency Theory for the NPMLE and an Identity for Linear Parameters in
Convex Models: April 15, 1993, Euler International Mathematical Institute, St. Pe-
tersburg, Russia. Workshop on Nonparametric and Semiparametric Models (asymp-
totic problems) of the Kolmogorov Semester on Probability and Statistics. The Bi-
variate Censoring Model: April 11, 1994, Cleveland, Ohio. Invited Speaker at the
1994 Biometric Society ENAR spring meeting on the subject “Multivariate Censored
Data”, held jointly with the IMS and ASA.

4. Proving Efficiency in Biased Sampling and Missing Data Models: June 24, 1994,
Chapel Hill, North Carolina. Invited Speaker for the session “Likelihood” at the 3rd
World Congress of the Bernoulli Society and 57th Annual Meeting of the Institute
of Mathematical Statistics. Locally Efficient Estimation with High Dimensional Co-
variate Processes, December 16, 1994, Oberwolfach, Germany. Invited speaker for
Conference on “Asymptotic Methods for High Dimensional Data”. Singly and Doubly
Censored Current Status Data: Estimation, Regression and Asymptotics, August 2,
1995, Berkeley. Invited speaker, NSF Econometrics Symposium 1995.

5. An Identity for NPMLE in Censored Data Models, June 24, 1996, Washington State
University, Pullman, WA. Invited speaker, Joint Regional Meeting Biometric and
IMS.

6. Locally Efficient Estimation with Current Status Data and Covariates, August 5,
1996, Chicago. Invited speaker, Joint Statistical Meeting.

7. Nonparametric Estimation of the Bivariate Survival Function, August 26, 1996, Vi-
enna, Austria. Invited speaker, 4th World Congress of the Bernoulli Society.

8. Inference in High Dimensional Semiparametric Censored Data Models, July 7-9, 1997,
Taipei, Taiwan. Speaker and organizer of session, Joint meeting with the Chinese
Statistical Association and the Chinese Institute of Probability and Statistics.

9. Inference in High Dimensional Semiparametric Censored Data Models and Testing
Treatment Effects in Observational Studies, August 18-22, 1997, University of Min-
nesota, Minneapolis, Minnesota. Invited speaker, Workshop of Institute of Mathe-
matics and Applications.

10. October 1997, Invited by Prof. Dr. J.M. Robins, Harvard School of Public Health,
Boston, to give series of lectures on proving asymptotics for semiparametric models.

11. Fall, 1997, Invited speaker, Statistics Seminar, Emory University, Atlanta (also in-
vited at another University in Atlanta, but cancelled).

12. March 3, 1998 Invited speaker, Statistics Seminar, Department of Statistics, Univer-
sity of California, Berkeley.

13. September, 1998, Speaker Biostatistics Seminar, UC Berkeley.

14. Locally Efficient Estimation in Censored Data Models: Theory and Examples, Octo-
ber 22, 1998, Invited speaker, Statistics Seminar, Department of Statistics, Florida
State University, Tallahassee.

15. Causality in Public Health Studies, October 29, 1998, Invited speaker, Foundations
for the Future Symposium in honor of Dean P. Buffler, School of Public Health.
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16. Locally Efficient Estimation in Censored Data Models: Theory and Examples October
23-25, 1998, Invited speaker, Conference in honor of Professor Alfred H. Clifford,
Tulane University, New Orleans, Texas. Clifford lecturer: Bickel.

17. Current Status Data on a Stochastic Process, August 8-12, 1999, Invited speaker and
discussant Joint Statistical Meeting ASA, Baltimore.

18. Locally Efficient Estimation with Multivariate Right Censored Data, May 15-20, 2000,
Invited speaker Survival Analysis session of the 5-th World Congress of the Bernoulli
Society for Probability and Mathematical Statistics, Guanajuato, Mexico.

19. Statistical Inference with Microarray Data using the Parametric Bootstrap, August
25, 2000, National Cancer Institute, Washington.

20. Statistical Inference with Microarray Data using the Parametric Bootstrap, March 28,
2001, Empirical Processes in Biostatistics,invited session ENAR/IMS.

21. Invited speaker of the SCI 2002 Sixth Multi-Conference on Systemics, Cybernetics
and Informatics, July 14-18 Florida.

22. Invited speaker IISA Fourth Biennial International Conference on Statistics, Proba-
bility and Related Areas, June 14-16, 2002.

23. Invited speaker Genomics Seminar, University of California, Berkeley, January, 2003.

24. Invited speaker at a Symposium Challenges in the Statistical Analysis of Genomic
Data” at the AAAS meeting, Denver, February 13-18, 2003.

25. Invited speaker in session on genomic data of the Joint Statistical Meeting, August
3-7, 2003.

26. Two lectures as the Constance van Eeden Visiting Professor, University of British
Columbia, Vancouver, Canada, October 6-12, 2003.

27. Invited speaker, International Conference on Analysis of Genomic Data, the Harvard
Medical School, May 10-11, 2004, Boston.

28. Invited Keynote speaker, Taipei Symposium on Statistical Genomics, Institute of
Statistical Science, Academica Sinica, December 15-17, 2004.

29. Invited Odoroff Memorial lecture on Targeted Maximum Likelihood Learning, De-
partment of Biostatistics, University of Rochester, September 20, 2007.

30. Invited Lecture on Causal Inference in Clinical Trials and Post Market Data Analysis,
Federal Drug Administration (FDA), August 8, 2007.

31. Invited Miller Lecture on Super Learning, Miller Institute, as Miller Professor, May
3, 2007.

32. Invited lecture on Targeted Maximum Likelihood Learning and Super Learning in
AIDS Research, April 11-13, Workshop on statistical methods in AIDS research,
Vaile, Colorado.

33. Invited lecture on Targeted Maximum Likelihood Learning, ENAR, 12007, April 14
(lecture given by my Ph.D student Dan Rubin).

34. Invited presentation and organizer of Adaptive Designs Session at International Sta-
tistical Institute Meeting, Durham, South Africa, August 16-22, 2009.

35. Invited Distinguished Lecture, IMS meeting in Seoul, June 28-July 1, 2009.

36. Prominent researchers special invited session on Causal Inference in High Dimensional
Applications, Joint Statistical Meeting, Washington, August 2-7, 2009.
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37. Invited speaker, Statistics Seminar, Leiden University, the Netherlands, July 2009.

38. Invited speaker, Webinar (Amstat, biopharmaceutical session), attended by hundreds
of industry statisticians, August 24, 2009. Presentation on genomic data analysis and
biomarkers.

39. Organizer of Session on Recent Advances on Adaptive Designs at 57-th ISI Confer-
ence, Durban, South Africa, August 2009, Michael Rosenblum gave presentation on
this session on our joint work, other speakers Scott Emerson and Bruce Turnbull.

40. Workshop on Causal Inference for the FDA statisticians at the FDA, September 19,
2009.

41. Invited speaker in workshop discussing statistical methods for causal effect assessment
in safety analysis in HIV, in particular, relation between abacavir and cardiovascular
disease, Amsterdam, May 10-12, 2010.

42. Invited speaker on adaptive designs in HIV prevention trials, June 2, 2010, Bill and
Melinda Gates foundation, Seattle.

43. Invited speaker two seminars in the Netherlands on causal inference, June 10-17,
2010.

44. Invited discussant of session on dynamic treatment regimens, JSM, August 2010.

45. Invited speaker of workshop on community based interventions, Pepfar and Bill and
Melinda Gates Foundation, Washington DC, October 6-8, 2010.

46. Invited speaker to give 4 lectures on Targeted Maximum Likelihood Estimation, Super
Learning, and Causal Inference in 42 Winter Conference, Hemavan, Sweden, March
6-9, 2011.

47. Invited speaker, French Berkeley Research collaboration, Paris Descartes, January
2011.

48. Invited speaker, Statistics Colloquium, which is held jointly by four Montreal univer-
sities: McGill, Université Montreal, Concordia and Universitd́u Quebéc á Montreal,
March 25, 2011.

49. Invited to Division of AIDS-NIAID sponsored workshop on Quantitative Methods to
Advance the Combination HIV Prevention, Gates Foundation, September 6-7, 2011.

50. ICSA, invited lecture in session Causal Inference and its applications in drug devel-
opment , June 28, 2011.

51. Galician Society for Statistics and OR, Plenary Talk during the X Galician Conference
(Pontevedra, Spain; November 2-5 2011).

52. Invited speaker, CRM Causal Inference in Health Research workshop, Montréal, May
9-13, 2011.

53. Invited lecture on observational longitudinal studies and causal inference, August 17-
19, 2011, ISI satellite meeting on Dynamic Statistical Models, Copenhagen, Denmark.

54. Invited talk at Advanced Topics in Pharmacoepidemiology (114) 28th International
Conference on Pharmacoepidemiology & Therapeutic Risk Management, Barcelona,
August 22-26, 2012.

55. TMLE based approach to confounder selection, Invited talk at the International Bio-
metric Conference, Kobe, Japan, August 26-31.
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56. Invited speaker on comparative effectiveness research, IMS-China 2011, Xian, China,
July.

57. Invited speaker, ENAR 2012, ”Multivariate statistics in high-dimensional data”,
Washington DC.

58. Presentation at FDA to present novel statistical analysis plan for approval of drug
for Chagas disease, December 16, 2012, Washington DC, part of consulting for
Metronomx.

59. Invited speaker ENAR March 11, 2013, Orlando, Florida, new developments in the
construction and optimization of dynamic treatment regimes.

60. Invited speaker, CMS Winter Meeting 2012 in Montréal, Targeted Learning in HIV.

61. Invited speaker, 7th Conference of the EMR-IBS to be held in Tel Aviv, Israel on
22-25 April 2013, and to speak in the session entitled ”Graphical models/machine
learning methods in biostatistics” .

62. Annual meeting Statistical Society of Canada, Edmonton, 2013, May 29.

63. Invited lecture, LeDell, Erin; Petersen, Maya L.; and van der Laan, Mark J. Com-
putationally Efficient Confidence Intervals for Cross-validated AUC Estimates. Joint
Statistical Meetings, August 2013. Montreal, Canada.

64. ENAR March 2014, Invited speaker session on networks.

65. Invited speaker Johns Hopkins University, Targeted Learning of Optimal Dynamic
Treatment, Biostatistics, March 2014.

66. Invited speaker Colloquium Foundation of Statistics, revisiting foundations for era of
Big Data, February 21, 2014.

67. Invited speaker, Targeted Learning of optimal dynamic treatment, Department of
Pharmacoepidemiology, Harvard University, February 18, 2014.

68. Invited speaker Causal Inference seminar, School of Public Health, Harvard Univer-
sity. Targeted learning of optimal dynamic treatment and networks. February 19,
2014.

69. Invited speaker, Annual Meeting of the French Statistical Society, Rennes, France,
June 2-6, 2014.

70. JSM 2014, invited to present award to Judea Pearl.

71. Special invited speaker, Targeted Learning for Optimal Dynamic Treatments ISIS
conference, July 10-13, 2014.

72. Discussant for session on recent advances in causal inference, August, JSM 2014,
Boston,

73. Lecture in workshop Data Driven Discovery, Moore Foundation, one of 28 final can-
didates for 14 grants awarded by Moore Foundation, July 28-29, 2014.

74. Invited talk, Targeted Learning in Precision Medicine, Simons Institute, Feb, 2015.

75. Invited talk, JSM 2015, Health Policy Statistics Section, Collaborative Targeted Max-
imum Likelihood Estimator (CTMLE) in Observational Studies. Seattle, August
2015.

76. Invited talk at FDA, Targeted Learning, September 2015.
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77. Invited talk, Targeted learning of the optimal dynamic treatment and Statistical infer-
ence for the mean outcome under the optimal dynamic treatment, session Improving
Medical Decision Making in the Era of Personalized Medicine, 11th International
Conference on Health Policy Statistics taking place October 7-9, 2015 in Providence,
Rhode Island.

78. Invited talk, Online targeted learning, The National Institute of Allergy and In-
fectious Disease (NIAID), Biostatistics Research Branch (BRB), Infectious Disease
Research Quantitative Methods and Models in the Era of Big Data Statistical Work-
shop, tNovember 9 10, 2015 in Bethesda, MD.

79. Invited talk, session is for the 4th IMS APRM (Institute of Mathematical Statistics
Asia Pacific Rim Meeting), June 27-30, 2016, Hong Kong.

80. Invited talk (wide audience), Targeted Learning, Information, Operations and Man-
agement Sciences colloquium at the NYU Stern School of Business, October 2016.

81. Invited seminar, The KP Center for Effectiveness & Safety Research (CESR), Tar-
geted Learning: Applications in Precision Medicine, January 14, 2016.

82. Invited talk, Highly Adaptive Lasso, Atlantic Causal Inference Conference, New York,
May 2016.

83. Invited discussant, Super-learner versus sensitivity analysis, ACIC, New York, May
26-27, 2016.

84. Invited talk, IBC 2016, Generally Efficient TMLE for Arbitrary Models and Target
Parameters: A Super-learner guaranteed to converge at faster rate than n−1/4. July
2016, Victoria, Canada.

85. Invited talk, workshop on High-Dimensional Causal Inference and its Application to
Genetics, Centre de Recherche Mathematique, Montreal, July 25th-29th 2016.

86. Invited award lecture, Targeted Learning in Precision Medicine, Boston University,
2016 Adrianne Cupples Award lecture, April 7, 2016.

87. Invited talk, Targeted Learning of Optimal Subgroups in Precision Medicine, ENAR
March 6-9, 2016, Austin.

88. Invited talk, JSM 2016, Targeted Learning in Precision Medicine, August 2, 2016.

89. Invited discussant, JSM 2016, of JASA-T&M Special Invited Paper Personalized
Dose Finding Using Outcome Weighted Learning, Kosorok et al. , Chicago, July 30
- August 4, 2016.

90. Invited talk, Targeted Learning of Causal Effects of Interventions on a Survival
outcome, seminar within International Scientific Meeting on Survival Analysis of
Population-based data, August 31-September 2, 2016, London School of Hygiene
and Tropical Medicine.

91. Invited talk, Targeted Learning in Precision Medicine, Workshop at UC Berkeley,
Global Alliance with Cambridge University and Singapore University, March 28-29,
2016.

92. Invited seminar, Kaiser Permanente Big Data Seminar, Targeted Learning in Preci-
sion Medicine, January 14, 2016.

93. Taught workshop on Targeted Learning, jointly with Susan Gruber, 2nd Seattle Sym-
posium on Healthcare Data Analytics, October 23, 2016.
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94. Targeted Learning: Causal Inference in Observational and Experimental Studies.
Presentation at visit of Calico company, including CEO Art Levinson, January 18,
2017.

95. Invited presentation, ENAR 2016, Optimal subgroups, March 6-9, 2016, Austin, TX.

96. Invited talk, Causal inference for network data, workshop on Causal Inference with
Highly Dependent Data in Communicable Diseases Research, Harvard University,
May 25, 2016.

97. Targeted Learning, seminar statistics department, UC Berkeley, October, 2016.

98. Invited talk, Targeted Learning, Liver forum meeting in Barcelona, April 12, 2016.

99. Taught Workshop on Big Data for personnel of the Instituto Mexicano del Seguro
Social, jointly with Alan Hubbard and Wenjing Zheng, November 3-4 2016, Mexico
City, Mexico.

100. Invited talk, Targeted Learning, Biostatistics Seminar at Penn, 11/01/2016.

101. Invited talk, Fred Hutchinson Cancer Center, One-Step Targeted MLE and Highly
Adaptive Lasso, October 19, 2016.

102. Invited talk, Causal Inference Conference 2016 , One-Step Targeted Maximum Likeli-
hood Estimation and the Highly Adaptive Lasso SQM at Michigan University, Novem-
ber 9, 2016.

103. Invited talk, Environmental Knowledgebase Workshop, BIDS, UCB, January 31,
2017.

104. Invited talk, Yale University, Quantitative Research Methods Workshop, February 2,
2017.

105. Keynote talk, VVS (National meeting Dutch Statistical Association), Targeted Learn-
ing in Healthcare, Theme Healthcare for the future, March 23, 2017, Utrecht, the
Netherlands.

106. Invited panel presenter, Causal inference, Computational Health Science symposium-
UCB/UCSF/LBNL, April 25, 2017, UCSF.

107. Taught workshop on Causal Inference and Adaptive Design, jointly with Maya Pe-
tersen, HIV/Liver Forum, Washington DC, May 10, 2017.

108. Invited discussant, ACIC 2017, Interference and Social Network, University of North
Carolina at Chapel Hill, May 23-25, 2017.

109. Invited talk, Asymptotically efficient estimation under no assumptions, Session title
All models are wrong, SER, June 21-24, 2017, Seattle.

110. Invited special session on ”Data representation with graphs and multi-scale process-
ing” organized within the next conference Wavelets and Sparsity XVII, San Diego
Convention Center, San Diego, California, August 6 -10, 2017.

111. Invited talk, Targeted Learning, Department of Psychology, advertised broadly, Uni-
versity of Groningen, September 11, 2017.

112. Invited talk, Targeted Learning, workshop in honor of Richard Gill, Statistical theory
and the real world, Lorentz Center, Leiden University, September 12-15, 2017.

113. Taught workshop on Longitudinal Causal Inference, jointly with Sherri Rose,
Columbia University, September 22-23. 2017
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114. Invited talk, Colloquium series of the Statistics, Department of Statistics, Penn State,
October 12, 2017.

115. Keynote talk, Targeted Learning and Causal Inference, workshop statistical methods
in epidemiology, Braunnschweig, Germany, November 23-24, 2018.

116. Invited guest lecture, HAL-TMLE, Causal Inference Seminar Series at UMass,
Novermber 29, 2017.

117. Invited talk, Targeted Machine Learning and Statistical Inference, Workshop on the
Interface of Machine Learning and Statistical Inference, Banff International Research
Station (BIRS), January 14-20, 2018.

118. Invited talk, Targeted Learning in Precision Medicine, ENAR 2018, Invited session
on Precision Medicine and Artificial Intelligence, March 25-28, 2018, Atlanta.

119. Invited presentation Targeted Machine Learning and Adaptive designs, at the Re-
search Showcase April 21st, 2018, School of Public Health, Cal Day.

120. Invited visitor, Antoine chambaz, Department of Mathematics, Paris Descartes, May
14-21, 2018.

121. Invited talk, second International NASH Biomarker workshop, May 18-19, 2018,
Washington DC.

122. Invited presentation, Targeted Machine Learning for Causal Inference. ACIC 2018,
Causal Inference with High-Dimensional Covariates, May 22 and 23, 2018.

123. Invited discussant, Collaborative TMLE, Ten Have & Biometrics Invited Session at
ACIC 2018, May 23, 2018, Pittsburg.

124. Invited panel discussant, National Academy of Science, Workshop - Examining the
Impact of Real-World Evidence on Medical Product Development: A Three-Part
Workshop Series, July 17-18, 2018.

125. Invited presentation, JSM 2018, Causal inference meets statistical learning with com-
plex data, August 2018, Vancouver.

126. *nvited presentation, Optimal Dynamic Treatments and Randomized Trials, Depart-
ment of Radiation Oncology, UCSF, August 27, 2018.

127. Invited Lecture Causal inference group, UNC, October 5, 2018.

128. Giving 1-day workshop on Targeted Learning, jointly with Susan Gruber, 2018 Seattle
Symposium on Health Care Data Analytics, October 2018.

129. *Invited speaker, causal inference session for survival data, Lifetime Data Science
Conference, Pittsburgh, May 29-June 1, 2019.

130. *Invited talk, Workshop Leiden University, Celebrating Aad van der Vaart’s contri-
butions to statistics and 60-th birthday. June 17-21, 2019.

131. *Invited talk, 2019 Joint Statistical Meeting, Extraordinary opportunities for utiliz-
ing real-world evidence to impact drug development and regulatory decision-making,
August 2019.

132. * Keynote presentation on Targeted Learning, ASA Biopharm, Washington DC,
September 24, 2019.

133. * Invited seminar presentation, Department of Biostatistics, Columbia University,
October 17.
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134. Invited workshop on targeted learning, Annual Deming Conference, December 4-6,
2019, Atlantic City.

135. *Invited talk, SAMSI causal inference workshop, December 9-11, 2019.

136. * April 8-9, 2020, Invited speaker, Data science workshop jointly sponsored by NHLBI
and NLM NIH main campus. Invited speaker.

137. * Keynote Turing Lecture at Turing Institute, combined with workshop on Targeted
Learning the previous day, London, March 2-5, 2020.

138. * February 6, 2020, Invited talk, Princeton Seminar Quantitative Social Science Col-
loguium, Princeton.

139. * Keynote speaker at Kick-off consortium meeting, Athlete, exposome from Evidence
to translation, Barcelona Institute for Global Health, Barcelona, January 27-28, 2020.
Introduction of super-learning and targeted learning as general statistical tools in
environmental science.

140. * Invited talk on Targeted Learning in causal inference seminar, Department of Statis-
tics, UC Berkeley, Fall 2019.

141. * Workshop on Targeted Learning, Accenture, SFO, January 14, 2020.

142. * FDA webinar about Targeted Learning for 100 FDA epidemiologists and statisti-
cians, February 5, 2020.

143. * Workshop on Targeted Learning, CSP, Sacramento, February 20, 2020.

144. * Invited talk Econometrics seminar, UC San Diego, May 2020.

145. * Invited keynote talks, University of Copenhagen and Novo Nordisk, March 10-15,
2020.

146. * May 19-21, 2020, Invited talk, TMLE of Causal Impacts of Multiple Time-Point
Interventions on Survival, Lifetime Data Science Conference, Raleigh, NC.

147. * August 12, 2020, Invited talk, ASA Duncan Lecture, Mathematical Science Insti-
tute.

148. * Invited talks at JSM 2020, Discussant Latent variables. Targeted Learning of Causal
Effects on time to event.

149. * August 12, 2020, Adaptive Designs for Epidemic Control: Test and Respond Strate-
gies for COVID-19, MSRI workshop on Epidemics.

150. * August 2020, Invited talk for AISC machine learning community, University of
Rochester.

151. * September 2020, Keynote speaker, Philadelphia Innovation Event, organized by
Accenture.

152. * Invited talk at ICPE symposium October 7, 2020, Machine Learning to optimize
confounding control based on studies using high dimensional health care data.

153. * Invited keynote speaker, Causal Inference Summit, Netflix, October 30, 2020.

154. * September 23, 2020, Sentinel Innovation Center seminar, Targeted Learning - The
Bridge from Machine Learning to Statistical and Causal Inference.

155. * December 14, 2020, Yearly Edwards Lifesciences Pocock Seminar, discussant. De-
cember 2020.

156. * January 19, 2021, Invited talk for Online causal inference seminar, Stanford, Higher
order TMLE with applications to causal inference, with discussant Alex Luedtke.
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157. * March 4, 2021, Invited seminar Buffalo University.

158. * May 11, 2021, Q and A at Novartis with Martin Ho from FDA, Causal Inference
Frameworks for Study Design and Analysis of RWD.

159. * June 18, 2021, Invited speaker, panelist, SMAC 2021, Statistics, Philosophy and
Health, Virtual.

160. * May 28, 2021, Invited speaker Frontiers of causal inference in data science: Per-
spectives from leaders in tech and academia. over 1500 people registered.

161. * March 22-24, 2021, Survival Prediction Symposium, AAAI symposium, Invited
speaker, Targeted Maximum Likelihood Estimation of the Causal Effect of Treatment
on Survival.

162. * March 14-17, 2021, ENAR 2021, short course and invited presentation Targeted
Learning for causal inference based on real world data.

163. * September 2021, Invited Causal Inference Seminar at Stanford, Higher order TMLE.

164. * July 18-20, 2021, Invited speaker, 42nd Conference of the International Society for
Clinical Biostatistics (ISCB 2021), to be held virtually.

165. * September 11-12, 2021, Invited speaker, Causal Inference Conference, Peking Uni-
versity, virtual, higher order TMLE with applications to causal inference.

166. * August 8-10, 2021, Invited discussant for session on latent variables, and invited
panel on assessing PhD readiness in Biostatistics, JSM 2021.

167. * April 3, 2021, Invited seminar Causal Inference from electronic health records,
Deep Medicine Research Group, Oxford, Targeted Learning: the bridge from machine
learning to statistical and causal inference.

168. * April 23, 2021, Invited speaker, Targeted Learning based on real world data, 19-th
ASA Annual connecticut chapter mini conference: borrowing from historical and real
world data: latest methodology development and applications,

169. * September 23, 2021, Invited talk, seminar University of Michigan, Ann Arbor, MI.

170. * October 25-27, 2021, Invited workshop on Targeted Learning, BASS, Charlotte NC.

171. * October 11-12, 2021, Invited talk, Novo Nordisk collaboration workshop, UC Berke-
ley, University of Copenhagen, Oxford University, Oxford, United Kingdom.

172. * October 13, 2021, Invited keynote talk, Novo Nordisk A/S Symposium.

173. * October 14, 2021, Invited keynote talk, Understanding cause and effect through data
science and novel biomedical data sources, Towards integration of targeted learning
with real world data into the drug development process, Novo Nordisk Foundation,
Copenhagen, Denmark.

174. * Invited for workshop June 14-18, 2021, Statistics, Philosophy and Health.

175. * June 7, 2021, SER, Workshop - Targeted Learning: Causal Inference Meets Machine
Learning.

176. * September 2, 2021, Invited speaker, Higher order TMLE, Seminar University of
North Carolina, Chapel Hill, NC.

177. * Invited speaker workshop on Causality in sequential decision making” workshop at
NeurIPS, December 6-14, 2021.
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178. * Keynote speaker Pfizer Analytics Summit, which is held annually at Pfizer. The
occasion provides a forum for the Pfizer analytics community to share best practices
in the use of modern machine learning and AI tools in drug development. September
21-22, 2021.

179. * September 16, 2021, Invited speaker, FDA Webinar. Targeted Learning: towards
a future informed by real world evidence.

180. * September 21-24, 2021, Invited speaker, ASA Biopharmaceutical section regulatory-
industry statistics workshop, BIOPHARM 2021, Session Title: Key Steps in Gener-
ating Real-World Evidence from Analysis of Real-World Data.

181. * November 8, 2021, Invited speaker on webinar Statistical Analysis and Data Quality,
Real world evidence, organized by Liver Forum.

182. * December 18-20, 2021, Invited talk on Higher order TMLE, Hybrid CFA-
DMStatistics 2021, London

183. * January 10, 2022, workshop on Statistical Methods in Genetic/Genomic Studies,
Distinguished Lecture, Targeted Learning with applications to genomic studies.

184. * January 24-28, 2022, Winter School Machine Learning, Biostatistics and artificial
intelligence in modern biomedical research, Targeted Learning with Applications to
Causal Inference, University of Padova, Italy.

185. * March 14-18, 2022, Workshop on Targeted Learning for 265 FDA statisticians, joint
with Hana Lee, Susan Gruber, Rachael Phillips, part of FDA funded demonstration
project on Targeted Learning.

186. * March 29, 2022, invited speaker in session on data driven discovery and decision
making, ENAR 2022, Highly Adaptive Lasso.

187. * May 17, 2022, Invited speaker session on When and how to use covariate adjustment
to improve precision in randomized trials, 43-rd SCT Annual Meeting, Society for
Clinical Trials meeting, San Diego, CA.

188. * May 23, 2022, workshop on Targeted Machine Learning of the Causal Effects of
Dynamic and Shift Interventions with the tlverse R Packages, Atlantic Causal Infer-
ence conference, Berkeley, CA. Co-organizer of ACI 2022.

189. * June 9-11, 2022, First International Conference on Causal Interactive Learning,
Washington DC, Higher order Targeted Maximum Likelihood Estimation.

190. * June 22, 2022, Invited speaker, Targeted Learning for Generating Real World Evi-
dence, DIA Global Annual Meeting, Chicago.

191. * June 6, 2022, Invited speaker Symposium on Risks and Opportunities of AI in
Clinical Drug Development, Roux Institute at North Eastern University, Towards
Integration of Targeted Learning and Causal Inference in Drug Approval Process and
Safety Analysis

192. * August 8, 2022, Joint Statistical Meeting, Washington DC. Invited panel, Machine
Learning and Artificial Intelligence: Uses and Misuses sponsored by ASA section for
statistical programmers and analysts.

193. * August 11, 2022, Joint Statistical Meeting, Washington DC. Invited speaker Re-
cent developments in causal inference with real world evidence in drug development.
Targeted Learning of Causal Effects with Continuous Time-to-Event Outcomes.
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194. * August 21-26, 2022, Statistical Challenges in the identification, validation, and use
of surrogate markers. Invited speaker, ”The oracle surrogate and sequential adaptive
designs that learn optimal individualized treatment rules by utilizing surrogate out-
comes”, Oaxaca, Mexico.

195. * September 6-7, 2022, JICI workshop, Berkeley, CA. Organizer and speaker on
Federated Learning.

196. * November 3-4, 2022, Invited speaker in session on Real World Evidence, Bay area
Biotech-pharma Statistics Workshop (BBSW), Foster City, CA.

197. * June 11-14, 2023, Invites speaker in Session on machine learning methods with
biomedical related applications, University of Michigan, Ann Arbor. Targeted Learn-
ing and Causal Inference for Integrating Real World Evidence into the Drug Approval
Process and Safety Analysis.

198. * March 19, 2023, Short course on ”Targeted Learning: Advanced methods for causal
machine learning”, ENAR, Nashville.

TEACHING

University of California, Berkeley Statistics, Public Health (Biostatistics), and
Bioengineering departments

STAT 102 Introduction to Theoretical Statistics; Spring 1994

PH 142A Introduction to Probability & Statistics in Biology and Public Health; Fall
1994, 1995, 1996

PH 142AB Introduction to Probability & Statistics in Biology and Public Health, Summer
course; Summer 1996

BE 190C Statistical methods for clustering, regression and prediction as part of this
course on Computational Biology for undergraduates; Fall 2002

STAT 210B Theoretical Statistics for Ph.D students; Spring 2005

PH 240A Introduction to modern biostatistical theory and practice; Spring 2015, 2016,
2018, * 2021, *2022.

PH 240B/Stat C245B Biostatistical Methods: Survival Analysis; Spring 1997, 2000, 2002,
2004, 2006, 2008, 2010, 2012
Spring 2014, Spring 2016, Fall 2017, *Fall 2019, *Fall 2020, *Fall 2022

PH 243B Special Topics in Biostatistics: Asymptotic Methods in Statistics, Spring 1995;
Censored Data and Regression, Spring 1996, Spring 2001; Causal Inference, Spring
1999, Fall 2002; Statistical Techniques in Computational Biology, Fall 2001; Multi-
variate Statistical Methods in Genomics: Multiple Testing and Loss Function Based
Estimation, Fall 2003, 2005, 2007, 2009; Adaptive Designs and Targeted Maximum
Likelihood, Spring 2003, 2005, 2007, 2009.

PH 243D Adaptive designs; Fall 2010, 2012, 2018.
Fall 2018.

PH 246A/STAT C249A Censored Longitudinal Data and Causality; Fall 2011, Spring
2013

PH 252B Causal Inference in Longitudinal Studies; Fall 2004, 2006, 2008, 2010, Spring
2013
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* PH 295, Targeted Learning with Biomedical Big Data; Fall 2016, Spring 2018, *Spring
2019, *Fall 2021, *Fall 2022.
Instructional Strategy: Most pedagogical studies (i.e., those concerned with the meth-
ods and effectiveness of teaching) indicate that lectures by themselves are a poor way
of engaging students and promoting learning. To address this problem, this course
will use a Blended Learning/Hybrid Classroom Format. This involves shifting the
majority of the material presented in class to out of class. Instructional core content
is delivered online, outside of the classroom. Class time is spent exploring topics
in greater depth and creates meaningful learning opportunities. This rearrangement
allows for more interactive, active learning opportunities during class time like group
discussion, Q&A, problem solving activities, and labs where students will apply the
methods presented to real data. It also allows for self-paced comprehension of highly
complex core concepts.

*Biomedical big data seminar: *Fall 2019, *Fall 2020, *Spring 2021.

*Targeted Learning in Practice PH 243B: *Spring 2021, *Spring 2022.

Consulting in Causal Inference Seminar: Fall and Spring 2009, 2010, 2011, 2012, 2013

Seminar in Genomics plus Lectures on Cross-validation methodology; Spring 2003

Computational Biology Seminar; Spring 2000

DISSERTATION ADVISING

1. Alan Hubbard, UC Berkeley (Biostatistics, 1998), “Applications of Locally Efficient
Estimation in Censored Data Models”. Biostatistics Student of the year, 1998, and
received the Evelyn Fix Award from the Department of Statistics. Alan Hubbard is
a Professor at the Division of Biostatistics, University of California, Berkeley.

2. Derick Peterson (Biostatistics, 1998),“On Nonparametric Estimation and Inference
with Censored Data, Bandwidth Selection for Local Polynomial Regression, and Sub-
set Selection in Explanatory Regression”. Student of the year, 1998. Derick Peterson
is Associate Professor, Department of Biostatistics, School of Medicine, University of
Rochester, Rochester.

3. Chris Quale (Biostatistics, 2001), “Estimation of the Bivariate Survival Function with
Censored Truncated Data and Hazard Estimation Based on Interval Censored data”.
Senior Quantitative Analyst at Google.

4. Maja Pavlic (Biostatistics, 2001), “Statistical Methods for Analysis of Recurrent
Event Data” and ”Estimation of the Number of Components in a Mixture of Nor-
mals”. Funded by Biotech Company Genentech. Student of the year, 2001. Director
at Pharmaceutical Company Johnson Johnson.

5. Jennifer Bryan (Biostatistics, 2001), ”Statistical Inference for Gene-expression Anal-
ysis from cDNA Microarrays”, Biostatistics Student of the year, 2001, and received
the Evelyn Fix Award from the Department of Statistics. Jennifer Bryan is Professor
in the Statistics Department and the Department of Biotechnology at the University
of Britisch Columbia, Vancouver.

6. Tanya Henneman (Biostatistics, 2002), “Causal Inference in Point Treatment Studies
with Applications” funded by Chancellors Opportunity Scholarship, Student of the
Year, 2002. Tanya Henneman works in public health department, Berkeley, CA.
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7. Alan Brookhart (Biostatistics, 2003), “Computer Intensive Methods in Statistics”,
Alan Brookhart was Instructor of Medicine, Harvard Medical School, and Biostatis-
tician, Division of Pharmacoepidemiology and Pharmacoeconomics Brigham and
Women’s Hospital. Currently, he is Professor in Biostatistics and Epidemiology at
UNC, Chapel Hill.

8. Sunduz Keles (Biostatistics, 2003), “Statistical Methods for Detection of cis-
regularitory binding sites”, “Double robust estimation of the Bivariate Survival Func-
tion in longitudinal studies”, “Model selection in regression for censored data”. Stu-
dent of the year, 2003, Public Health Award 2003. Sunduz Keles is Professor, De-
partment of Biostatistics and Statistics, University of Wisconsin, Madison.

9. Katherine Pollard (Biostatistics, 2003), “Computationally Intensive Statistical Meth-
ods for Analysis of Gene Expression Data”. Student of the year, 2003, and received
the Evelyn Fix Award from the Department of Statistics. Katherine Pollard is Pro-
fessor in genomics at the Gladstone Institute UCSF.

10. Zhuo Yu (Statistics, 2003), “Causal inference in longitudinal studies”. Received the
Erich Lehmann Award from the Department of Statistics, 2003. Zhuo Yu is a Quanti-
tative Analyst at Morgan Stanley, and former research biostatistician at Bristol-Myers
Squibb company.

11. Annette Molinaro, (Biostatistics, 2004). “Data Adaptive Prediction in Cancer Re-
search”. Biostatistics Student of the year 2004 and received the Evelyn Fix Award
from the Department of Statistics. Funded by grant from the Lawrence Livermore
National Laboratory which provided access to their super-computers. Associate Pro-
fessor in Residence of Neurological Surgery and Epidemiology and Biostatistics at
UCSF.

12. Romain Neugebauer, (Biostatistics, 2004). “Double Robust Estimation in Causal
Inference Models and its Application in the Analysis of Longitudinal Air Pollution
Studies”. Biostatistics Student of the year 2004, and received the Erich Lehmann
Award from the Department of Statistics. Funded by Prof. I. Tager (epidemiology
grant) and LSI/Chiron grant. Senior Statistician at Kaiser Permanente.

13. Biao Xing, (Biostatistics, 2005). “Fitting Multinomial mixtures to Detect cis-
Regulatory Binding Sites and Pathway Analysis in Computational Biology”. As-
sociate Director of Biostatistics at Onyx (Amgen) Pharmaceuticals.

14. Yue Wang, (Biostatistics, 2006). “Data Adaptive Estimation in Causal Inference”.
Bristol Meyers.

15. Sandra Sinisi, “Data Adaptive Prediction with the Deletion/Substitution/Addition
Algorithm: Applications in Genomics”. Sr. Principal Statistician at Novartis.

16. Merrill Birkner, (Biostatistics, 2006). “Statistical methods for Genomic data”.
Funded by Genomics Training grant. Associate Director, Portfolio Management &
Operations at Genentech.

17. Maya Petersen (joint with Prof. Art Reingold, Epidemiology, 2006), Causal effects
of dynamic treatment interventions with applications in HIV research. Associate
Professor Department of Biostatistics and Epidemiology at UC Berkeley.

18. Ed Bein, (Biostatistics, 2006, joint with Alan Hubbard). graduated Fall 2006. Inde-
pendent Education Management Professional.

24



19. Oliver Bembom, (Biostatistics, 2008). “Causal inference for realistic rules”. Senior
Data scientist at variety of companies, currently at Pandora (2014).

20. Dan Rubin, (Biostatistics, 2009). Double Robust Estimation. Senior Statistician
FDA, Safety analysis group.

21. Kelly Moore, (Biostatistics, 2009). “Targeted Maximum Likelihood in Clinical Trials
and Safety Analysis”. Senior statistician at Gap Inc./Growth, Innovation, Digital
(GID), a division of Gap, Inc..

22. Cathy Tuglus, (Biostatistics, 2010). “Targeted Maximum Likelihood and Variable
Importance Analysis”. Biostatistics manager at Amgen.

23. Eric Polley, (Biostatistics, 2010). “Super Learning”. Senior Statistician NIH cancer
center, Biostatistician Mayo Clinic.

24. Ori Stittelman, (Biostatistics, 2010). “Collaborative Targeted MLE of causal effect
of treatment on time until event outcomes”. Data scientist at variety of companies
(e.g Wells Fargo, Media6Degrees), Senior Data Scientist at Dstillery (2014).

25. Sherri Rose, (Biostatistics, 2011). “Targeted Maximum Likelihood and Case Control
Data”. Assistant Professor Harvard School of Public Health.

26. Susan Gruber, (Biostatistics, 2011). “Collaborative Targeted MLE, and clinical tri-
als”. Visiting Scientist at Department of Epidemiology, Harvard, and Senior Director
for Methods Research at Innovation in Medical Evidence Development and Surveil-
lance (FDA).

27. Kristin Porter, (Biostatistics, 2011). Genomics Training Grant. Senior statistician at
MDRC.

28. Jordan Brooks, (Biostatistics, 2012). Received Erich Lehmann Award. Medical re-
searcher, biostatistics, Strauss & Shavelle, Inc.

29. Ivan Diaz, (Biostatistics, 2013). “Causal effects of continuous exposures”. Post-doc
at Department of Biostatistics at Johns Hopkins University. Statistician Google,
Assistant Professor Biostatistics Cornell.

30. Paul Chaffee, (Biostatistics, 2013). “Targeted MLE in sequentially randomized con-
trolled trials, dynamic treatments”. Sr. Statistician at JustAnswer.com.

31. Wenjing Zheng, (Biostatistics, 2014). “Adaptive Designs, Direct effect, Asymptotics
of Cross-validated Targeted MLE”. CAPS Postdoc UCSF, network analysis. Senior
Statistician at Netflix.

32. Sam Lendle, (Biostatistics, 2015). “Targeted Learning in Safety Analysis”. Funded
by Kaiser Permanente, Senior Statistician at Pandora.

33. Stephanie Sapp, (Biostatistics, 2014). “Big Data”, graduated May, 2014. Senior
Statistician at Google.

34. Boriska Toth, (Biostatistics, 2016). “Instrumental Variables”. Kaiser Permanente
Oakland.

35. Dan Brown, (Biostatistics, 2014). “Causal effects of exposure to environmental agents
during jobs”. SPH UC Berkeley staff member.

36. Laura Balzer, (Biostatistics, 2015). SEARCH trial. Laura is a postdoc in Biostatis-
tics, and the Harvard School of Public Health. Assistant Professor Biostatistics,
UmassAmherst.
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37. Molly Davies, (Biostatistics, 2015). “Statistical inference for dependent data”. The
Climate Corporation, and started data scientist Stitch Fix (2018).

38. Oleg Sofrygin, (Biostatistics, 2016). ”Causal inference for networks”, statistician at
Kaiser Permanente. Postdoc on grant from Gates Foundation, UC Berkeley. Kaiser
Permanente (2018).

39. Alex Luedtke, (Biostatistics, 2016). Alex is an Assistant Professor at the Fred
Hutchinson Cancer Research Center, and now Statistics Department (2018).

40. Erin LeDell, (Biostatistics, 2015). Erin works at H20 as professional software devel-
oper in machine learning, received Lehmann award.

41. Cheng Ju, started Fall 2015, graduated June 2018. Collaborative learning for contin-
uous tuning. Started at Facebook.

42. *Aurelien Florent Bibaut, started Fall 2015, Graduated 2020. Senior statistician
Netflix.

43. *Mary Combs, starts Fall 2016.

44. * Wilson Cai, started Fall 2016, graduated Fall 2019, quantitative researcher, Citadel.

45. *Ivana Malanica, started Fall 2016, graduated Fall 2022.

46. *Jonathan Levy, started Fall 2015, graduated Fall 2019, Genentech senior statistician.

47. *Chi Zhang, started Fall 2015, graduated Fall 2019, works at data science start up
company.

48. * Nima Jehazi, started Fall 2019, graduated summer 2022. Assistant Professor, De-
partment of Biostatistics, Harvard University.

49. *Rachael Phillips, started Fall 2019.

50. *Yue You, started Fall 2019, graduated Spring 2022.

51. * George Shan, started Fall 2019.

52. *William Krinsman, Fall 2018-2022. Graduated Spring 2022.

53. Advised Ph.D student Helene Rytgaard, University of Copenhagen, who visited
Spring 2018.

54. Advised Ph.D student Frank Blauw, University of Groningen, who visited Spring
2017.

55. * Advised Ph.D student Oliver Hines visiting for semester from Biostatistics, London
School of Hygiene.

56. *Lauren Dang, will graduate Fall 2022.

57. * Haodong Li, Fall 2021-

58. * Yi Li, Fall 2021-

59. * David McCoy, Fall 2020-

60. *Wenxin Zhang, Fall 2021-

61. *Kirsten Landsiedel, Spring 2022-

62. *David Chen, Fall 2020-

POST DOCTORAL ADVISING
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1. Chris Andrews (1997-1998), NSF Postdoctoral Fellow in Biostatistics.

2. Joerg Rahnenfuhrer (2001-2002, Germany), Postdoc in Biostatistics.

3. Chris Andrews (2001-2002), NSF Postdoctoral Fellow in Biostatistics.

4. Jonas Larson (2002-2003), Denmark Postdoctoral Fellowship.

5. Sunduz Keles (2003-2004), Postdoctoral Fellow NIH Genomics Grant (joint with San-
drine Dudoit).

6. Blythe Durbin (2003-2005), Postdoctoral Fellow (joint with Sandrine Dudoit).

7. Supervise (jointly with Ira Tager) Romain Neugebauer (2004-2007), Assistant Re-
searcher.

8. Michael Rosenblum (2006-2008), Postdoctoral Fellow. Associate Professor Johns
Hopkins.

9. Advisor of visitor Ph.D student G. Reevens (2007), Free University of Amsterdam.

10. Hui Wang (2007-2009), Postdoctoral Fellow.

11. Professor Mathias Drton (co-advisor with Sandrine Dudoit, Lior Pachter, and Bernd
Sturmfels), Department of Mathematics, UC Berkeley (Summer 2004-Spring 2005).
Project: Multiple testing procedures in graphical model selection. Current position:
Assistant Professor, Department of Statistics, University of Chicago.

12. 2011-2013: Marco Carone, Post-doctoral fellow. Assistant Professor University of
Washington.

13. 2012-2013, Romain Pirrachio, Post-doctoral fellow.

14. *Mentor of Post-doctoral clinic fellow at UCSF, Carina Marquez, 2014-

15. *Mentor of Gilmer Valdez K-Award (2020-).

16. Post-doctoral fellow, Wenjing Zheng, (2014-2017)

17. *Mentor of Ben Arnold on K-award (2014-)

18. Post-doctoral fellow, Kara Rudolph, (2014-2017).

19. Mentor of clinical fellow Simon Pollett (2014-)

20. Post-doctoral fellow Caleb Miles (2015-2018). Assistant Professor Columbia Univer-
sity.

21. Post-doctoral fellow David Benkezer (2016-2018). Assistant Professor Emery Univer-
sity.

22. Post-doctoral fellow Oleg Sofrygin (2016-2018).

23. Mentor/Advised Assistant-Professor Karla Diaz-Ordaz, London Empirical College,
who visited Fall 2016-Spring 2017 to learn about targeted learning.

24. Mentor/Advised Assistant-Professor Jenny Hagstrom, Department of Statistics,
USBE, Ume University, Sweden, who visited Fall 2016, to learn about targeted learn-
ing.

25. Postdoctoral fellow Benoit Lepage from Paris, (2016-2017).

26. *Postdoctoral fellow, Melih Agraz, 2019.

27. *Postdoctoral fellow, Zeyi Wang, 2020.

28. *Postdoctoral fellow, Aaron Hudson, 2020-2022.
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29. *Postdoctoral fellow Alejandro Schuler, 2021-2022.
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